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Hand Motion Recognition from Movie Data by Deep Learning
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A deep learning model has been proposed to recognize hand action for nuclear security. A system has been
developed that can automatically recognize hand action from video data acquired by a single depth camera.
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Fig. 1 Nuclear security defined by IAEA
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Fig. 2 Proposed Algorithm
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Fig.3 Heat map of joint angle matrix for 1 second
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Fig.4 Proposed CNN architecture
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Table1 Proposed CNN architecture

CloseThreeFingers 0.901
CloseThumb 0.895
OpenThumb 0.895
PushingWithOneFinger 0.904
ZoomingInWIthFullHand 0.902
ZoomingOutWithFullHand 0.897
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